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ASSOCIATION OF CANCER CARE CENTERS™

41,000
-actitioners from over
itals and practices nationwide in

® ~2/3 of the nation’s cancer patients are

treated by a member of ACCC

www.dccC-cancer.org
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Estimated number of new cases from 2022 to 2045, Both sexes, age [0-85+]

All cancers
World

2022

20.0M

Cancer Tomorrow | IARC - https:ffgcolarcwhoint
Data version: Globocan 2022 (version 1.1) - 08.02.2024
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GDP Issues

5307

o |

1949 2023
5104.68 527.36T7

Gross domestic product

$27.36 trillion

2023

. , SeT
National spending on
healthcare goods and
services
0
1960 2021
$27.12B $4.26T
20%
Healthcare expenditures
as a percent of GDP
0%
1960 2021
5% 18.3%

Source: Health — USAFacts accessed 2/1/24
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So how are we doing?

Takeaways from the
Cancer Facts & Figures
Report 2022

Figure 1. Trends in Age-adjusted Cancer Death Rates by Site, Males, US, 1930-2021
100 o

Lung cancer -
T e Cancer mortality
P & /7 is declining at an

diagnosed earlier, )
i accelerating rate.
and living longer. In 2022, there will
be an estimated
1,918,030 new
cancer diagnoses,
and 609,360

ﬁQn ﬁon cancer deaths.

Rate per 100,000 male population

1]
1920 1935 1940 1945 1950 1955 10 1965 1970 14975 1980 1985 1990 1H5 2000 2005 X0 015 2020

Year of death
Rates are age adjusted 1o the 2000 US standard and exclude deaths in Puerto Rico and ather US territonies. Mote: Due to changes in 1CD coding, numerator information Th e ra Cl a l’ The rate Of a d Va nced 5=
differs from contempaorary data for cancers of the liver, lung and bronchus, and codon and rectum
Source: US Mortality Volumes 1930 to 1959, US Mortality Data 1960 to 2021, National Center for Health Statistics, Centers for Disease Control and Prevention. SOCIOGCOHOIﬂiC and Sta ge prostate cancer
]

©2024, American Cancer Society, Inc., Surveillance and Health Equity Scence

geographic disparities diagnosis increased
for preventable cancers Amciean by 4%-6% each year

‘{ Society*

are alarming. from 2014 -2018.




[

24%

INCREASE

10 YEARS

OF:SURVIVORS_ HAVE LIVED
5+ YEARS SINCE DIAGNOSIS

MILLION CANCER
SURVIVORS

{o AGNOSIS

Sourc *Stat ?95 '_,. s DIVIS > aof d o ontrol and Populcmon\

Sciences (D CI%}&S ssed 2/ Z @
P et



https://cancercontrol.cancer.gov/ocs/statistics
https://cancercontrol.cancer.gov/ocs/statistics

Cancer Prevalance and Projections in U.S. Population
from 1975-2040

30

KEY

Age

. <50 . 50-64 65-74 . 75-84 .as+

REFERENCES:

Adapted from Bluethmann SM, Mariotto AB,
Rowland JH. Anticipating the “Silver
Tsunami”; Prevalence Trajectories and
Comorbidity Burden among Older Cancer
Survivors in the United States. Cancer
Epidemiol Biomarkers Prev. 2016
Jul;25(7):1029-36.

Miller KD, Nogueira L, Devasia T, Mariotto AB,
Yabroff KR, Jemal A, Kramer J and Siegel RL.
Cancer Treatment and Survivorship Statistics.
CA A Cancer J Clin, 2022.
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Growth of Physicians and Administrators in U.S. [
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.Managers .Physicians

Bureau of Labor Statistics; NCHS; Himmelstein/Woolhandler analysis of CPS
Managers shown as moving average of current year and two previous years
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US CANCER INCIDENCE AND MORTALITY

Incidence rates, 2008-2012
By state, all cancer types combined
Per 100,000, age adjusted to the 2000 US standard population

3929-4184 418.41 - 4439 44391 - 4694 469.41 - 494 9 494 90 - 520 .4

Death rates, 2008-2012
By state, all cancer types combined
Per 100,000, age adjusted to the 2000 US standard population

127.6 - 142.96 142 97 - 158 .32 158 .33 - 173.68 173.69 - 189.04 189.04 - 204.4

Data Source: North American Association of Central Cancer Registries (NAACCR), 2015

©® 2016 American Cancer Society

Data Source: National Canter for Health Statistics (NCHS), Centers for Disease Control and Prevention, 2015

016 American Cancer Society CancerStatisticsCenter.org










THE MEDICAL LITERATURE TSUNAMI

Pubmed
oaty. ~ 4,000 weerr, ~28,000 1o ~120,000

e~ 1.44 million articles

10% oncology related
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e~ 144,000

( B e medical information being



Growth of
Guidelines

“Further approaches,
including guideline
stratification by evidence
level and the use of
artificial intelligence for

decision support, should
be investigated as ways
to synthesize data and
improve cancer decision-
making.”

ek | OpPen.

Research Letter | Oncology
Changes in Length and Complexity of Clinical Practice Guidelines
in Oncology, 1996-2019

Benjamin H. Kann, MD; Skyler B. Johnson, MD; Hugo J. W. L. Aerts, PhD; Raymond H. Mak, MD; Paul L. Nguyen, MD

Figure 1. Page Volume of National Comprehensive Cancer Network Clinical Practice Guidelines by Disease Site,

1996-2019
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Figure 2. References Cited in Mational Comprehensive Cancer Network Clinical Practice Guidelines by Disease Site,

1996-2019
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FEEL GOOD CASE

Test Name: Histology Analysis Multiple Marker Panel
Specimen type: Lymph Node, Station 4R
Performed at: NeoGenomics Laboratories

Results

PD-L1 22C3 FDA for NSCLC: HIGH PD-L1 EXPRESSION
Tumeor Proportion Score:
Intensity: 3+

Reference Ranges
High PD-L1 Expression
PD-L1 Expression

No PD-L1 Expressien

Pan-TRK
Not Expressed

Electronic Signature
Scott Bou A

See attached for further details

Test Name: NeoTYPE Analysis Lung Tumer Profile
Specimen type: Lymph Node, Station 4R
Performed at: NeoGenomics Laboratories

Results Summary

SNVs/Indels: ERBB2 Y772_A775d

Alterations Detected By FISH: FI 0

Immuno-Oncology Biomarkers: Microsatellite Instabilit; - N; Tumor Mutation Burden: Inter
Additional Studies: MET Exon 14 Deletion Analysis: Not

Pertinent Negatives: NO d in i

Her2 Exon 20 insertion mutation for which there is an FDA
\ approved indication - Enhertu® (Traztuzumab deruxtecan)

*also did HER2 IHC and FISH testing, IHC reported 2+ equivocal, a
distractor for someone who also treats breast cancer




“It Is often easier
(and faster) to make
something 10x better
than it would be to
make it 10% better.”

— Astro Teller

Google Cloud









WHAT IS THIS?

® Bell Labs scientists invented the

transistor in 1947, and won the
1956 Nobel Prize in Physics

® John Bardeen
® Walter Brattain

®* William Shockley

ohn _chrthy coined the term

telligence” in 1956

)/ :
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The robots are coming.

Ray Kurzweil c. 2006
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The History of Al DALLE(2)

s, ! AlphaFold & / chat-GpT

e -
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Transformers %
“Al” is coined! ;
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arXiv

hTTDS://CII‘XiV.OI‘C] Cornell University

Free distribution service and open access for >2.3M articles

in physics, mathematics, computer science, quantitative biology,
quantitative finance, statistics, electrical engineering and

systems science, and economics

JO daily submissions



https://arxiv.org/
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.~ MACHINE AND DEEP LEARNING STUDIES ON PUBMED.COM

TOTAL NUMBER OF STUDIES STUDIES PER SPECIALTY y
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HOW Al “WATSON” BEAT TWO CHAMPIONS

KEWOY

_ $300,000
_ R
K<€

$200,00(
BRAD

RN

$1,000,000

34



ALPHAGO BEAT LEE SEDOL

Sgﬁ. Google DeepMind £0% AlphaGo
Challenge Match

8 - 15 March 2016

ﬁ Google DeepMind




Al THEN AND NOW

1997

IBM’s Deep Blue defeated Garry
Kasparov in chess competition
1998

An emotionally intelligent robot
KISMAT was developed

1999
Sony launched pet robot dog named
AIBO

1961
First industrial robot replaced humans
at assembly line

1964

2011
IBM’s Watson defeated Ken Jennings on Jeopardy!

2014
EUGENE, a chatbot passed Turing test; Amazon

Pi ing chat, but d ELIZA
loneering chat, buk name launched Alexa, a voice enabled intelligent virtual

was developed at MIT

1966

General purpose, mobile robot
developed at Stanford

assistant

2017
Google’s AlphaGO be the world’s best GO player Ke
Jie

1950-1960 1961-1970 1971-1990 1991-2000 2001-2010

Moxie: a social, emotional companion for kids is

2002
developed by Embodied

iRobot launched a time is the
vacuum cleaner robot in bulk Earth’s first autonomous beehive is developed by

2009 beewise

1950
Turing test by Alan

Turing
1956

term of Al was
coined

Google built for self driving car TrialJectory is an Al enable service to look for
for urban conditions clinical trials
BrainBox Al is an Al system to predict building’s
normal conditions

Refine business process, more personalized
recommendations, human like conversational skills
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ISTHIS A GUTENBERG MOMENT?

Opinion = Kevin, M.D.

Al in Healthcare: Meeting HIPAA Standards With ChatGPT

— Patients deserve a commitment to privacy

Envisioning the Healthcare Landscape with ChatGPT

New York Medical College Explores The Opportunities And Risks Of Al On
The Healthcare Industry In The Following Article Written Entirely Using
ChatGPT

February 13, 2023

by Harvey Castro, MD, MBA  February 11, 2023

ChatGPT Passes US Medical Licensing SO o F=14 €12}

Exam Without Clinician Input AND

ChatGPT achieved 60 percent accuracy on the US Medical

Licensing Exam, indicating its potential in advancing artificial 'II:-II EI{AYTL]I-IHN(‘:N% TR F:E
intelligence-assisted medical education. B R ALRE I

COMMENT | OMLINE FIRST

ChatGPT: the future of discharge summaries?

OF MEDICINE

Sajan B Patel « KyleLam =

Open Access o Published: February 06,2023 « DOI: https://doi.org/10.1016/52589-7500(23)00021-3 «

;

New and surprising evidence that ChatGPT
can perform several intricate tasks relevant
to handling complex medical and clinical
information

FORBES » INNOVATION » HEALTHCARE

EDITORS' PICK

5 Ways ChatGPT Will Change

Healthcare Forever, For Better

Robert Pearl, M.D. Contributor @ m

Download PDF Copy

HARVEY CASTRO MD, MBA



AIWON’'T REPLACE YOU. SOMEONE USING Al WILL.

Original image created using beautiful ai




Business And Society

Al Won’t Replace Humans
— But Humans With Al Will

Replace Humans Without
Al
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THE WHITE HOUSE Administration  Priorities The Record Briefing Room  Espafiol

OCTOBER 30, 2023

FACT SHEET: President Biden Issues
Executive Order on Safe, Secure, and
Trustworthy Artificial Intelligence

Emj } BRIEFING ROOM » STATEMENTS AND RELEASES

Today, President Biden is issuing a landmark Executive Order to ensure that
America leads the way in seizing the promise and managing the risks of
artificial intelligence (AI). The Executive Order establishes new standards for
Al safety and security, protects Americans’ privacy, advances equity and civil
rights, stands up for consumers and workers, promotes innovation and

competition, advances American leadership around the world, and more.

As part of the Biden-Harris Administration’s comprehensive strategy for
responsible innovation, the Executive Order builds on previous actions the
President has taken, including work that led to voluntary commitments from
15 leading companies to drive safe, secure, and trustworthy development of
AT

https:/ /www.whitehouse.gov /briefing-room /statements-releases /2023 /10 /30 /fact-sheet-president-
biden-issues-executive-order-on-safe-secure-and-trustworthy-artificial-intelligence /



















Health Al Market Size 2014 - 2021

GLOBAL GLOBAL ARTIFICIAL INTELLIGENCE IN HEALTHCARE MARKET

S$600M $6.6B

ARTIFICIAL INTELLIGENCE

: H IN HEALTHCARE MARKET

EUROPE

ARTIFICAL INTELLIGENCE (Al)
IN HEALTHCARE Market

llx OPPORTURITIES AND FORECAST, 2020-2030

u Artifical Intelligence (A1) in Healthcare Market is
2014 2021 expected to reach 194.14 Billion by 2030,

Growing ata
CAGR of 38.1% (2021- zuzuj

ASIA-PACIFIC

increasing while the health market is
set to register an explosive CAGR of Growing ata CAGR Srowing ata CAGR of 48:7%
40% through 2021. 1720

j Acquisitions of Al startups are rapidly

Asia-Pacific region would exhibit the highest CAGR of 53.4%
during 2017-2023.

Source: Artificial Intelligence in Healthcare Market | Global Report — 2030 (alliedmarketresearch.com
Source: Accenture (December 2017). Artificial
Intelligence in Healthcare.


https://www.alliedmarketresearch.com/artificial-intelligence-in-healthcare-market
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== United 5tates - China
COVID Health Mind & Brain Environment Technology Space & Physics Video Podcasts Opinion

GRAHAM

Save 40% on Unlimited Subscribe

SPACE & PHYSICS

/

China Reaches New Milestone in / /
Space-Based Quantum /

Communications

The nation’s Micius satellite successfully established an ultrasecure link between two ground
stations separated by more than 1,000 kilometers

By Karen Kwon on June 25,2020 e aliu i s

2020 2028

What is China's GDP as per PPP? )
@ Central Intelligence Agency {.gov)

Economy of China https:/fwww.cia.gov » field » country-comparison

Real GDP (purchasing power parity)
Rank Country Date of Information

$19.373 trillion (nominal: 2023 est.) $33.014 China $24,861,000,000,000 2021 est.
trillion (PPP: 2023 est.) United States $21,132,000,000,000 2021 est.

India $9,279,000,000,000 2021 est.

Statistics

GDFP

GDP rank Znd (nominal; 2023) 1st (PPP; 2023)

B8.4% (2021) 3.0% (2022) 5.2% (2023f) 4.5%

GDP growth (2024f)




Original Investigation [ ONLINE FIRST] [FREE]

April 28, 2023

Comparing Physician and Artificial Intelligence Chatbot
Responses to Patient Questions Posted to a Public
Social Media Forum

John W. Ayers, PhD, MA1*2; Adam Poliak, FhD'j’; Mark Dredze, PhDﬂ'; et al

Results Of the 195 questions and responses, evaluators preferred chatbot responses to physician responses in 78.6%
(95% Cl, 75.0%-81.8%) of the 585 evaluations. Mean (IQR) physician responses were significantly shorter than chatbot
responses (52 [17-62] words vs 211 [168-245] words; t=25.4; P<.001). Chatbot responses were rated of significantly
higher quality than physician responses (t=13.3; P<.001). The proportion of responses rated as good or very good quality
(= 4), for instance, was higher for chatbot than physicians (chatbot: 78.5%, 95% Cl, 72.3%-84.1%; physicians: 22.1%,
95% Cl, 16.4%-28.2%;). This amounted to 3.6 times higher prevalence of good or very good quality responses for the
chatbot. Chatbot responses were also rated significantly more empathetic than physician responses (t=18.9; P<.001).
The proportion of responses rated empathetic or very empathetic (=4) was higher for chatbot than for physicians (physi-
cians: 4.6%, 95% Cl, 2.1%-7.7%; chatbot: 45.1%, 95% Cl, 38.5%-51.8%,; physicians: 4.6%, 95% Cl, 2.1%-7.7%). This
amounted to 9.8 times higher prevalence of empathetic or very empathetic responses for the chatbot.

Conclusions In this cross-sectional study, a chatbot generated quality and empathetic responses to patient questions
posed in an online forum. Further exploration of this technology is warranted in clinical settings, such as using chatbot to
draft responses that physicians could then edit. Randomized trials could assess further if using Al assistants might im-

prove responses, lower clinician burnout, and improve patient outcomes.




Al IN RADIATION ONCOLOGY

Automatic delineation of tumors and organs at risk

Extract image,

I resolution, .coordina?tes Radiotherapy planning
I and other information system (USES one or

more algorithms to

Traditional target

delineation (manual) R i

Radiates DICOM — »  calculate the absorbed
interpolation dose distribution in the
patient's body, and the
Eliminate mecha;::ism, Some organs results are used by the
doctor to
CT DICOM manually modify
them locally
Automgtic formulation I e
Fa— of radiotherapy plan prediction
delineation of Al
target area
Nasopharyngeal Bladder
Al model Standardized result carcinoma cancer

Comparison of sketch speed of target area:

Al takes 10-20 minutes
49 Manual work takes 4-5 hours




CAPACITY MANAGEMENT

LeanTaaS Overview

Silicon Valley, Charlotte and Boston based software company 6 O 5
Leading Hospitals
e PhDs in Mathematics, Software Engineers, Product Managers,

Operations Experts, Hospital Executives

$350+ Million invested in predictive analytics platform “iQueue” 1 4 Of to p 2 O

Mission: Unlock capacity of scarce assets using predictive and
T 2 Health Systems
prescriptive analytics:

Improve patient access

Increase volumes and revenues
Reduce wait time for patients

Reduce operating costs Health Systems

Defer the need for facility expansion

Awards & 3rd Party Validation States in the U.S.

[ras™\ 500 . Inc.
cunToRER mETED Ga the Technskegy CH'ME ﬂ1oo S oo
r L Jechnologyrast st cemncre S

WMCRNEGHTS

6 Patents Pending




ECONOMIC POTENTIAL OF Al IN ONCOLOGY

- Global Artificial Intelligence in Oncology Market
Share, by treatment type, 2022 (USD Million)

B Chemotherapy

M Radiotherapy

0 Immunotherapy

[ Other Treatment
Type

730

Total Market Size
(UsD Million)

35%

CAGR
2023-2032

$
A




ECONOMIC POTENTIAL OF Al IN ONCOLOGY

 Global Artificial Intelligence in Oncology Market

Size, by component, 2022-2032 (USD Million) m Software Solutions
m Hardware

16000 .
Services

13,619.8
14000
12000

10000

5,540.1

8000 7,228.2

6000 4,103.8

— 2587.8 3,376.3

2000 7300 9855 12858 1,854.0 . l I I I

0
2022 2023 2024 2025 2026 2027 2028 2029 2030 2031 2032

The Market will Grow 35% The forecasted market $ 13 : 619.8 M""'.' market.us

At the CAGR of: size for 2032 in USD:




BRIDGING SCIENCE & PRECISION PATIENT CARE

Phenome (WGS + LPR) cohorts can stratify diseases, from first principles.

1) ABILIFY 2) NEXIUM 3) HUMIRA 4) CRESTOR 5) CYMBALTA
Schizophrenia Heartbum Arthritis High cholesterol Depression

[ ]

AR Pt i

6) ADVAIR DISKUS 7) ENBREL  8) REMICADE 9) COPAXONE 10) NEULASTA
Asthma Psoriasis Crohn's Disoase Multiple Sclerosis Neutropenia

f U D '
For every person in the US that the 10 highest grossing drugs do help (black),

they fail to improve the conditions of between 3 - 24 people (blue).

Sourcghork.Nicholas. > ed Medicine ne for one-per trials, Nature. Vol 520, April 2015.




BRIDGING SCIENCE & PRECISION PATIENT CARE

Current Medicine
One Treatment Fits All

Future Medicine
More Personalized Diagnostics

4 (&)
=Y
Blood, DNA,




CHANGING THE HEALTHCARE LANDSCAPE

Streamlining Workflows

Reducing Costs

Improving Collaboration

ﬁl

Advancing Research







What Con A Qucmtum -
Computer Do Better?

Quantum computing will solve a class of probliams that are
unscivabie today, opening up a new realm of applications.

VS
Emad

. "'

How CRISPR

lllumina wants to sequence your whole genome for
$100

o The Cas9 protein
. o forms a complex with
i | - i : guide RNA in a cell
e , .

This complex attaches to
a matching genomic DNA
sequence adjacent to a spacer

Crunchbase (yellow segment) Guide RNA

Hlumina

Pl Qs W e W
wederbnbebiad bl P '
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THE CRISPR REVOLUTION
g

*EI]ITINE
HUMANITY

o THE CRISPR REVOLUTION AND
\oTHE NEW ERA OF GENOME-EDITING

“The term ‘Holy Grail’ is overused in science,” Davies writes, “but if fixing a single

letter in the genetic code of a fellow human being isn’t the coveted chalice of
salvation, | don’t know what is.”




INNOVATION THAT BENEFITS PROVIDERS AND PATIENTS

MEDTECH

FDA clea rs Paigel's AI as first J[A)MA | Diiginal Inu'estigattion IStUAIT_IDdNS:_HEMTH;ARE[[;ELNERYL - AI th
. evelopment and Validation of a Deep Learning Algorithm
rogram to spot prostate cancerin ) o
:)iss?le slides potp for Detection of Diabetic Retinopathy

N A N in Retinal Fundus Photographs

Al Partnership to Advance Brain diology:

Tumor ResearCh, Treatment Improving Breast Cancer Detection Accuracy of
Deep Learning Algorithms for Detection of Lymph Node Hackensack Meridian Health and Neosoma, Inc. have announced Mammogra phy with the Concurrent Use of an Arfificial
Metastases From Breast Cancer a collaboration aimed at tackling difficult-to-treat brain tumors Intelligence Tool
Helping Artificial Intelligence Be Seen through the use of artificial intelligence.

BRLY Gosclet his 3 siviel 5 pou] VirTSeh
®EM L '--ilrs;-.. Free-Response Rec I..'Ir'-.'-:.'l. -Z'.'I|'u.-|.::::||'|_._- Chara I.::I-.-I 1stic Curves
Evidence . 1o Assess the Accuracy of Machine Diagnosis of Cancer
DRIGINAL ARTICLE P L eloraewd - P
Al Estimation of Gestational Age from Blind
Ultrasound Sweeps in Low-Resource Settings JAMA | Original Investigation S
; Pia%nostic. Assisl?men; Ef [;E&r\ﬁ EEIGIEEVGIRGIIE  White House unveils CancerX
P Letactin of Tl Itocs Mulehlases innovation accelerator, new funding
in Women With Breast Cancer >
for cancer screenings on Moonshot

anniversary



WHAT IS AUGMENTED INTELLIGENCE?

(=

C

& O)

ARTIFICIAL INTELLIGENCE (Al)

Incorporating human intelligence
into machines

AUGMENTED Al
Use of artificial intelligence
to improve human performance

Credit Dr.Andrew Smith ¢3



GOALS OF AUGMENTED Al

Accuracy Precision Efficiency Major Errors Clarity of
Standardization Omissions Communication

Credit Dr.Andrew Smith ¢4



STANDARD OF CAREVS AUGMENTED INTELLIGENCE

Worklist / Prior Report Current Exam Prior Exam Current Report

J@@

N/

g |
‘ ‘h * Multiple manual steps
* |Indirect data transfer
Inconsistent
Errors
* Omissions
 No tumor burden calculation

* |neffective communication
* |nefficient

Augmented Intelligence

Current Exam Prior Exam

Solution:

* Multiple automated steps
Direct data transfer

» Standardized

* Reduced errors

* Omissions eliminated

* Tumor burden calculated

» Effective communication

» Efficient

Credit Dr.Andrew Smith ¢5




AUGMENTED INTELLIGENCE FOR ADVANCED CANCER

Clinical Value:
* Reduces errors / omissions
* |Improves accuracy / reporting

Simplicity:
* Fully integrated but requires
training and change management

ROI:

2x * New income for clinical trials
96% . . .
* |Increased radiologist efficiency
24 Radiologists —F 53%
v 100%

Credit Dr.Andrew Smith ¢¢



“If you’re teaching today what you were five years ago;
either the field is dead or you are.”

-- Noam Chomsky




Al STANDARDS AND ADOPTION

FUTURE TRENDS AND INNOVATIONS

Evidence “People Analytics” and Large Scale Databanks:
Blurring the Boundaries Between Medical Research,
Clinical Care and Daily Life

Equity
* every monitored event (clinical and non-
clinical) is a potential data point

Sustainability

e every individual is a data node

Policy

* every individual is a research asset

. "-Cqﬁon every individual is their own control

)/



215t century curricular emphasis

* Knowledge capture and curation: Teaching students to
distinguish between information and knowledge.
Stresses knowledge capture and curation not
information retention.
"« Deep understanding of probabilistic reasoning:
o understanding probabilities and communicating and
® applying them meaningfully
* Collaboration with and management of Al applications
/] e Cultivation of empathy and compassion




CURRENT LIMITATIONS AND CHALLENGES

Healthcare Algorithms Are Biased, and the
Results Can Be Deadly

Deep-learning algorithms suffer from a fundamental problem: They can adopt unwanted biases
from the data on which they're trained. In healthcare, this can lead to bad diagnoses and care
recommendations.

CODED B1AS

How Bj .
Doty Bias Can Creep into Health Care pjgopi Amazon Still Pushing Biased
gorithms ang Facial-Recognition Software To
S, Al ety tosg Law Enforcement, MIT
- Researcher Contends

a a e as. W out ca
He lth ¢ reisr with b S. thout r

' to
Biases in Artificial Intelligence Led

Dis arities jases foun I 19Q 1 ! J
‘:ea\thhcfar: the US‘:nd China e il ﬁeffe‘ ggéar\;e&d RaCla] bias In a medical ﬂlgOI' ithm favors
esearchers I Jecion perpetuate healtnc ¢ 0 . {ormnce}
% white patients over sicker black patients

in artificial intelligence

A US government study confirms most face

recognition systems are racist



TANGIBLE BENEFITS AND ROI

Contrary to fears
that machines will
replace human

Improves Better Frees Medical workers, Al In

Data Diagnosis and Staff from
Analysis Treatment Administrative healthcare may

Predictions Burdens help “re-humanize”
healthcare

72
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FOR IMMEDIATE RELEASE
FROM MARY ANN LIEBERT, INC., PUBLISHERS

Evaluating Al-Based Nodal Contouring in Head and Neck Cancer

New Rochelle, NY, February 8, 2024—A new study evaluates an artificial intelligence (Al)-based algorithm
for autocontouring prior to radiotherapy in head and neck cancer. Manual contouring to pinpoint the area of
treatment requires significant time, and an Al algorithm to enable autocontouring has been
introduced. The study is published in the p d journal Al in Oi I
read the article now.

. Click here to

Sushil Beriwal, from Allegheny Health Network, and Varian, and coauthors, analyzed 108 patients with
head and neck cancers. The automated nodal contours were evaluated using a 4-point scale: a score of 4
was clinically usable with no edits; a score of 3 required minor edits; a score of 2 required major edits; and
a score of 1 required complete re-contouring of the region."

The mean score for autocontouring was 3.56 +/- .40.

“Overall, the Al segmented autocontouring performed well with significant time saving and were clinically
usable with no or minor edits the majority of times,” concluded the investigators.

“The recent findings underscore the efficiency and reliability of Al in enhancing radiotherapy planning for
head and neck cancer. With autocontouring algorithms demonstrating clinically usable results in the
majority of cases, we're at the brink of a major shift in treatment preparation. This advancement not only
promises significant time savings for healthcare professionals but also opens the door to potentially more
precise and patient-specific treatments. As we move forward, the integration of Al into oncological care
represents a pivotal step towards more streamlined and effective patient care,” says Douglas Flora, MD,
Editor-in-Chief of Al in Precision Oncology.

. PRECISION
ONCOLOGY =

bty Ao it . o pollinin

You've read the inaugural issue...

)W make sure you have access to all the incredible content coming_in 2024

im cutting-edge research and reviews to dynamic commentary and perspectives, Al in
icision Oncology provides the tools to enable Al's responsible and effective use in
:ology for the benefit of healthcare providers and patients.

i can't afford to miss a minute of the incredible content coming soon. Make sure

i1 have access by asking_your library to subscribe today.

REQUEST ACCESS

in Precision Oncology is more than a scientific or medical journal; itis a
sion-driven initiative to harness the power of Al in improving oncology care.
aim to shape an Al-enabled health care system that is equitable, efficient, and
ant centered — making health care more human.”

. Douglas Flora, Editor-in-Chief
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Evaluating Al-Based Nodal Contouring in Head and Neck Cancer

helle, NY, February 8, 2024—A new study evaluates an artificial intelligence (Al)-based algorithm
ntouring prior to radiotherapy in head and neck cancer. Manual contouring to pinpoint the area of
requires significant time, and an Al algorithm to enable autocontouring has been

. The study is published in the peer-reviewed journal Al in Precision Oncology. Click here to
farticle now.

priwal, from Allegheny Health Network, and Varian, and coauthors, analyzed 108 patients with
neck cancers. The automated nodal contours were evaluated using a 4-point scale: a score of 4
ally usable with no edits; a score of 3 required minor edits; a score of 2 required major edits; and
1 required complete re-contouring of the region."

score for autocontouring was 3.56 +/- .40.

he Al segmented autocontouring performed well with significant time saving and were clinically
h no or minor edits the majority of times,” concluded the investigators.”

nt findings underscore the efficiency and reliability of Al in enhancing radiotherapy planning for
neck cancer. With autocontouring algorithms demonstrating clinically usable results in the

f cases, we're at the brink of a major shift in treatment preparation. This advancement not only
significant time savings for healthcare professionals but also opens the door to potentially more
hd patient-specific treatments. As we move forward, the integration of Al into oncological care

s a pivotal step towards more streamlined and effective patient care,” says Douglas Flora, MD,
Chief of Al in Precision Oncology.
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